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Artificial Intelligence Supports Energy Supply and Consumption in New Power System

ZHAO Rixiao’, YAN Dong, ZHOU Xiang, WANG Xinying
(China Electric Power Research Institute, Haidian District, Beijing 100192, China)

Abstract: The energy revolution and digital revolution are
in the ascendancy, jointly promoting the transformation and
upgrading of Chinese energy and power system to the new-
type power system (NPS). Artificial intelligence (Al) is a key
supporting technology for the NPS construction, which helps
to realize intelligent modeling, intelligent analysis, intelligent
decision making and intelligent control of NPS. In this paper,
the application status of Al in power system, such as prediction,
modeling, analysis and optimal control, is summarized. The
development of Al technology in meta-learning, unsupervised pre-
training, interpretability and human-machine hybrid enhancement
and its application in NPS are analyzed and prospected. It
is expected to provide reference and inspiration for the deep
integration development of Al technology and NPS in China.

Keywords: artificial intelligence; new power system; energy

supply and consumption; source-grid-load-storage; digital twins
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